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Fault prediction of EMU based on improved FP-Growth algorithm

ZHANG Chun, GUO Yuxia
( School of Computer and Information Technology, Beijing Jiaotong University, Beijing 100044, China )
Abstract: Prognostics and Health Management(PHM) of EMU is the hotspot of current research. The key of fault
prediction is to find the relation between fault information and status information of EMU. The FP-Growth algorithm is
one of the classical algorithms in association rule mining. It is used to excavate frequent item sets. This paper proposed
an improved FP-Growth (IFP-Growth) algorithm for EMU fault data. It adopted pre-traversing FP-tree to generate
conditional pattern bases. The experimental results showed that the IFP-Growth algorithm could effectively improve
the efficiency of data mining of EMU faults and find the relation between fault information and status information of

EMU.
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