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Railway passenger user portrait system
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Abstract: Combining with the service requirements in Railway Ticketing and Reserving System (TRS) and the system
status, this paper applied the big data technology to design the railway passenger user portrait system including system
architecture, label system and its implementation. Based on this, the paper explored the system application in passenger
transport field, put forward the application methods and ideas in passenger behavior analysis, precision marketing and
data value-added service.
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