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Application of Data Mining to MIS of Railway Locomotive Depot

Wang Jianyu Wang Rongping Zhu Weidong

(Information Center of Northern Jiactong University, Beijing,100044)

Abstract : The writer discussed the mining of association rulés in detail, based on theory of

data mining and present databases .

The study supplied a prototype to practical applications

of data mining in MIS. In addition, the paper mentioned the farther direction of study.
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MEF L N — PN RETE LT,
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X3 T={ir,iy, i} R K—BBHE K 2
I PR

EX 4 BB I 3T support (DR FFHE
DVPEFERERIAEF . EDFHESE, ALK
%R A support(I)= || {r&D|ISt | /|| {re€ D} |

ENS5 XRERANEEM =1, XHEM™ER,
H$1,,1,CI,BI,NI,=90.

EN6 FEBEHW r. I, =1, XA .support(r)
=support (I, UTI,).

FEEH W -1, =1, ¥ H {5 :confidence

(r)=support (I, UI,)/support(],)
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— i, AR EFREEP B AR NN T ER
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1 1. (Apriori frequent itemset discovery)
@ L.« {Frequent 1 —itemsets);
2 for (k+-2; Li_;3k+—+) do begin
Cy+Apriori-Gen(L;_); A EBBEE K— W H#%C,
forall transactions :€ D do begin
Cr+Subset(Ci»t); AHCr RERTESH ¢
forall candidates ¢€ C, do

c. count+ +;

end

@O ®®

Li+{c€ Cs| c. count=minsupport } ;
@9 end

@) answer<,L:;

HERBETE R

Apriori-Gen Function
@ insert into C,
® select p[1], p[2],+, pli—1]sqli—1]
@ from L,_1p,L._q
@ where p[1]=¢[1],-,p[i—2]1=q[i—2], p[i—1]1<qli—1]s
® forall candidate itemsets ¢ € C, do begin
forall (f —1)-subsets s of ¢ do begin
if (s&L,_)) then
delete ¢ from C,;

CRORSNC)

end
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i end

I Answer<=U{c€C,;
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W A R S B U 4 48 P A X A S i —
¥, MEMRETEE L BEEMU—a)>a B
W, H a7 MIEE T4 HE R support (/) /support
(!/—a)minconf,

Sa’ HaWWEBIEETFHE,a"Ca,F support (I —
a’)support<(I—a), AW U —a’)=>a’ HERFEELR/D
FU—a)=a WEEE. BT & o’ AEELERH WAL
e MWa AR, RZ HEHU—a)=a MLEHU—a")
=>a’,

#tm, &MU AB=>CD B3L. W AB=CD,ABD
=>CIERAL. FEH. N TFEEREDNES L. KINEL
ERAENE 1 MHARG AN, REREXLE
M B 2510 ) F Candi_gen EHEE 2 MY HETN
H&.EN LTS ® FITHELEFEE . BRHEF
ZWEE 2 MTAEN, M T A ERBNR TS

BT

T forall frequent £ —item sets £, € [y, k2222 do begin

—

2 H+~LMKENINTE,
3 forall A € H, do begin
E) confidence<—support (/;)/support({r—hi);
SHEN L —hD =0 HBEE
3 if (confidence >2>minconfidence) then
o AR+ARU r:Us—hl =>A1
n else H\<—H;—'h; :
3 end
g, call gen-rules (L4, 1) JH=RhLdh =M 1—HHE
D end

I procedure gen-rules (/i frequent % —itemset, H,:set of m —
1tem consequences ) :
I21f (>m+1) then do begin
forall Ap-)€ Hpmsy do begin
vonfidence<—support(/e) /support(fs—hm-1)
if (confidencez>minconfidence) then
AR ARU irils—hm D=k i
else delete A, from Hn.y:
end
call genrules(&4 cHm-1)
end

end:
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Inquiry Arithmetic for Railway Passenger Transport Information
Li Yingnu Zheng Guoxiong

‘Beliing Institute of Tracking and telecommunication Technology,100094)

Abstract: The inquiry arithmetic for railway passenger transport information is based on the database, and its
function is to serve the user an available scheme for them to transfer between each two railway stations all
over the country. The databases for this method include ; table of train numbers, table of railway stations,
table of schedule and table of correlative railway bureau. Using these original tables, we can get transfer ta-
bles with Transfer Arithmetic, which are the foundation of the inquiry arithmetic for railway passenger trans-
port information. When given any two railway stations , the inquiry arithmetic can offer a reasonable route,
train numbers ,starting times and transfer stations ect. . With these information, user can guide one’s rail-
way travel life effectively.

Keywords : railway passenger transport, database, inquiry, arithmetic
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